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Abstract: Advances in technology during the past few decades have enabled people to have more and more
effective ways to cope with cancer. The emergence of artificial intelligence technology results from the rapid
development of computer science and technology, and the application of artificial intelligence in oncology is
expected to further improve the diagnosis and treatment of tumors. Artificial intelligence technology can perform
tumor early screening through lesion identification, in order to prevent tumor diseases; it is a non-invasive method
of identifying benign and malignant tumors by extracting their characteristics and performing arithmetic processing;
it can also assist in the calculation of tumor load in vivo and detect the mutation status of tumors. However, there are
still problems to be solved with the application of artificial intelligence in clinical practice. The acceptance among
doctors and patients needs to be improved, and there are ethical issues during tumor diagnosis and treatment. This
article reviews the current role and potential of artificial intelligence in tumor early screening, mutation detection,

prognosis analysis, therapeutic evaluation, and patient follow-up, and discusses major challenges of the usage of

344

artificial intelligence in clinical practice.
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