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Abstract: The development of artificial intelligence technology provides a new direction for the diagnosis,

treatment, and research of nervous system diseases. In recent years, the application of artificial intelligence in the

diagnosis, risk prediction, treatment decision-making, rehabilitation and prognosis evaluation of nervous system

diseases has made important progress. The nervous system diseases are complex and diverse. Most current

researches focus on using the established multi-omics data to study the occurrence, development, and prognosis of

nervous system diseases, designing and developing decision-making support tools, and applying artificial

intelligence technology in the research and development of new drugs for nervous system diseases. In the future

research, artificial intelligence and new technologies could be used to solve the key problems existing in the clinical

practice of nervous system diseases and to improve medical service, thus improving the prognosis of patients with

nervous system disease.
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