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Prospective of synthetic biology database and intelligent data analysis

HU Ru-Yun’, CHEN Yong—Can#, ZHANG Jian-Zhi, GUO Er-Peng, FU Li-Hao, QIAO Yu*, SI Tong*
(Shenzhen Institute of Advanced Technology, Chinese Academy of Sciences, Shenzhen 518055, China)

Abstract: Synthetic biology accumulates massive data through the "design-build-test-learn" cycle, which has

promoted the development of big data storage, sharing, and analysis. This prospective focuses on synthetic biology

database and intelligent data analysis. For the former, we discuss the current status, bottleneck, and future

development of data quality control and standards, storage and sharing in biology. For the latter, we highlight the

use of artificial intelligence, particularly machine learning, in big data analysis in synthetic biology. We summarized

the challenges and potentials of system modeling, heterogencous data integration, intelligent design and function

prediction.
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