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Progresses in plant metabolomics using linkage and

association mapping strategies
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Abstract: It has been demonstrated that metabolites, as the basis of biological phenotypes, help us to better
understand biological processes and provide insights into the biochemical mechanisms of the processes. Research
on plant metabolomics plays a vital role in understanding plant metabolic pathways, manipulating plant responses
to environmental stresses, improving crop yields and enhancing food quality. Sessile in nature, significant difference
could be found in the number and content of metabolites in plants. Dissection of the genetic basis of metabolome
thus helps us to extensively understand metabolically biological processes. Moreover, with the advancement of

metabolomics and second-generation sequencing, researches in plant metabolomics with its genetic basis are
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increasing. This review summarizes progresses in plant metabolomics, genotyping, and the understanding of genetic

basis of plant metabolome by linkage and association mapping, which can be used as reference for related research.

Key words: metabolomics; widely-targeted metabolomics; genotyping; quantitative trait loci; genome-wide

association study; gene function
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